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Graphical Models to Infer Cellular Networks
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In this lecture I will talk about conditional independence and Gaussian graphical models
Lauritzen (1996), Bayesian networks and scoring metrics to learn networks from data
Heckerman et al. (1995). Building on these theortical basics I will describe applications
of Graphical models in computational biology Wille et al. (2004); Friedman (2004),
discuss and compare recent results and approaches.

Many more references can be found in the collection (Markowetz, 2005).
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